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Orange-in-the-field: a novel dataset for orange detection under different conditions

Weather conditions : R, C, S
Time of theday : M, A, E
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Orange-in-the-field: a novel dataset for orange detection under different conditions

Data capture in the field -> Annotated via [I:I Label Studio
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FruitVision: RGBD-based pipeline for orange detection and size prediction
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FruitVision: RGBD-based pipeline for orange detection and size prediction

STEP 1: Train the model on orange
class

RGB image
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FruitVision: RGBD-based pipeline for orange detection and size prediction

STEP 2: Predict mask and translate to Depth
channel
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FruitVision: RGBD-based pipeline for orange detection and size prediction

STEP 3: Single orange shape
prediction




